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No blocks filters se inception dense mobile win lose rate pps

-2 10 128 3 -5 37 918 -557 1700
-1 10 128 3 130 827 -321 2200
0 15 192 3 - - 0 800
1 10 128 32 404 337 32 4500
2 10 128 -3 32 428 295 65 4000
3 10 128 3 32 475 289 87 3500
4 20 128 1 32 557 221 161 1500
5 30 128 32 379 393 -6 1000
6 15 128 -3 1 312 458 -66 5500
7 12 64 -3 4 268 614 -144 3500
8 10 64 6 654 170 235 3900
9 10 64 -1 4 700 104 332 4000
10 9 64 3 5 6 544 252 134 1300
11 9 64 -3 5 6 304 513 -90 1200
12 9 64 -1 5 6 272 578 -130 1000
13 10 64 32 4 230 580 -160 3000
14 9 64 -1 -5 32 6 359 409 -22 1100
15 6 64 3 81 805 -398 7300
16 9 64 1 5 6 219 655 -190 1300
17 10 64 1 32 4 281 520 -106 3000
18 9 64 1 5 32 6 #DIV/0!
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1. block 15, filters 192, inception -5, se 3

Activation

Conv2D

kernel(3x3x192x192}

Conv2D
kernel{1x5x192x192>

BatchNormalization BatchNormalization

gamma {192}
beta {192}
moeving_mean {192}
moving_variance {192}

gamma 192>
beta{192}
moving_mean {192}

moving_variance {192}

Activation Activation

ConvzD
kernel {3x3x192x132)

Conv2D
kernel{5x1x192x192}

BatchNormalization BatchNormalization

gamma<1923
beta (192}
moving_mean {192}
moving_variance {192}

gamma< 192>
beta {192}
maoving_mean {192}

maving_variance {1927

Activation

Conv2D Conv2D

kernel{5x1=192x192) kernel{3x3x192x192)

BatchNermalization BatchNormalization

gamma {192}
beta {192
moving_mean {192}
moving_variance {192}

gamma<192}
beta {192}
moving_mean {192}
moving_variance (192}

Activation

Activation

ConvzD
kernel {1x5x192x192)

Conv2D
kernel{3x3x192x192)

BatchNormalization BatchNormalization

gamma {1923
beta (192>
moving_mean {192}
moving_variance {182}

gamma<192)
beta {192}
moving_mean {192}
moving_variance {192}

Activation

GlobalAveragePooling2D

Dense

kernel {19212}

kernel {12x192}

Reshape

Multiply



2. block 20, filters 64, mobile 6, se 1

ConvzD

kernel {1x1x64x384}

BatchNormalization

gamma {384}
beta{384>
moving_mean {384}
moving_variance {384}

Activation

DepthwiseConv2D

kernel (3x3x=384x1}

BatchNormalization

gamma {384}
beta{384>
moving_mean {384}
moving_variance {384}

Activation

GlobalAveragePooling2D

Dense

kernel{384x24}

Dense

kernel{24x384}

Reshape

Multiply

Activation

Conv2D

kernel {1x1x384x64}

BatchNormalization

gamma {64
beta {64
moving_mean {64}
moving_variance (647




3. block 15, filter 64, inception 5, mobile 6, se -1

kernel{1x1x256%64)

BatchNormalization

gamma {2567
beta (2567

moving_mean {256
moving_variance (256)

Activation

DepthwiseConv2D

kernel{3x3x384x1}

BatchNormalization

gamma {384}

beta (384>
moving_mean {384}
moving_variance {384}

Activation
GlobalAveragePooling2D

Dense

kernel{384x24)

Dense

kernel<{24x384>

Reshape
Multiply
Activation

Conv2D

kernel {1x1x384x64)

Concatenate

BatchNormalization

gamma {256
beta (256>

moving_mean {256)
moving_variance (256

Conv2D

kernel {1x1x256x384)

BatchNormalization

gamma{384)
beta{384;

moving_mean {384
moving_variance {384

Activation

DepthwiseConv2D

kernel {5x1x384x1)

BatchNormalization

gamma (384>

beta (384
moving_mean {384)
moving_variance {3847

Activation
GlobalAveragePooling2D

Dense

kernel{384x24)

Dense

kernel{24x384)

Reshape
Multiply
Activation

Conv2D

kernel{1x1x384x64)

DepthwiseConv2D

kernel{1x5x384x1)

BatchNormalization

gamma {3847

beta (384>
moving_mean (384>
moving_variance (384>

Activation

GlobalAveragePooling2D

Dense

kernel{384x24;

Dense

kernel{24x384)

Reshape

Multiply

Activation

Conv2D

kernel {1x1x384x64)



